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What is IR

Information Retrieval:

how to catch a unicorn

try: how to catch a unicorn in sims 3

How To Catch A Unicorn - Video Results

HOW?2: How to How to Catch a How to Catch a How to Catch A
Catch a Unicor Unicorn Unicorn (Original) Unicorn!
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Our Case

01

Document-Level

Information Retrieval:

02

Non-conventionalized
term

03

Querying by
example
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Our Hypothesis N

Information Topic segmentation: Why to do this?
Retrieval quality

increases by using

topic segmentation

of documents.
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Why Do we Think so?
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Example:

Lau, Jey Han, and
Timothy Baldwin.
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Topic Models

01 02 03 04 05 06
Soft-clustering Every Every topic is EM-algorithm PLSA, LDA ARTM -
document is described as a regularizers
described as a mixture of
mixture of words

topics
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Topic Segmentation Pipeline

01 Skachkov, N., Vorontsov, K. 02 Based on ARTM
Improving topic models with
segmental structure of texts.

[1]
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Topic Segmentation Pipeline

Part #1 Constructing Gradual estimation of
topic model segments borders:
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Topic Segmentation Pipeline

Part #2 Topic Tiling [4] algorithm:
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Top

Pipeline
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HAEE]L
Pipeline

11



Query
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Experiments: Data

Data Preprocessing Test set

The same technique was used in Andrew M Dai, Christopher Olah, and Quoc V Le. 2015.
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Experiments: Baselines

Pretrained models:

ARTM segment model averaged word2vec

averaged GloVe

fastText

doc2vec
sent2vec
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Experiments: Evaluation

Aggregation Granularity

Mean: Two ‘granulites’:

Best N:

Evaluation

Accuracy:
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Results
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Model No Finer segmentation Coarser segmentation
segm.

best1 best3 best5 mean | best1 best3 best5 mean
ARTM 0.761 0.771 0.773 0.780 0.765 0.772 0.774 0.783
sent2vec 0.770 0.807 0.808 0.807 0.783 0.808 0.807 0.775
fastText 0.782 0.684 0.784 0.782 0.680
doc2vec 0.782 0.628 0.780 0.781 0.778 0.636
avWw2v 0.822 0.821 0.823 0.822 0.768
avhormW2Vv 0.584 0.582 0.586 0.616
avGloVe 0.777 0.778 0.777 0.709
avnormGloVe 0.573 0.601 0.609 0.609 0.588 0.602 0.609 - 0.589
avfasText 0.662 0.638 0.746 0.750 0.745 0.63217
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Results and observations

Segmentation
does improve
the majority of
the models

Influence of
segmentation
granularity is
unclear

ARTM-based
model works
better on whole
texts

Influence of text
style perhaps
must be taken
into account

Small values of N
in aggregation are
probably better

word2vec beats
everything (???)
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Real Applications:
Our Experience

Cross-lingual
search
engine

Ad-hoc
retrieval task
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KAK Monmartb e,ﬂMHOpOFG‘

[ BOCCTQBATH H rpudoH || oneHb H neonapa H YepBneHs.ii || nepxate H XYPaBnb H KOPOHOBOHHEIV H unawares H blacklist H rule ]

l punish || distract H intercept H reason H unsuspecting H dragon H wyvern || cockatrice H basilisk H beast H seahorse H dragonslayer H bestiary ]

[ dragonette ]| minotaur ]

274 pesynsrtata (nokaszaHo 274) @ @

EnuHopor FORR ¢

EAMHOPOT MNK MHPOT (Ap.-eBp. DN; AP.-TPEY. HOVO-KEPWGE; /AT, UNICOrNIS) — MUDUYECKOE CYILECTBO, CUMBOMM3NPYET LIEIOMYAPVE, B LUMPOKOM CMbIC/IE JYXOBHYIO YHACTOTY U UCKaHMS.

€AMHOPOToB Gonblue 4 ThICAY NET, HalAeHs! B VHAUM. 3aTem cTanu nosBAATLCA B Mudax 3anagHoi Asun. B gpesHeit Tpeuyuu n ApeBHeM PUME CYMTA/IUCh PEAnbHO CyLLECTBYHOLMMA
KUBOTHBIMU. 1306paxeHns eguHopora, Nonagailuecs Ha APEBHEETUNETCKUX MAMATHUKAX U Ha CKaslax XHOM A(puKy, ABSIOTCS pu

MoaopobHee -

Unicorn Q D¢

The unicorn is a legendary creature that has been described since antiquity as a beast with a single large, pointed, spiraling horn projecting from its forehead. The unicorn was depicted in
ancient seals of the Indus Valley Civilization and was mentioned by the ancient Greeks in accounts of natural history by various writers, including Ctesias, Strabo, Pliny the Younger, and
Aelian. The Bible also describes an animal, the re'em, which some versions translate as unicorn.in European folklore, the unicorn is often depicted as a white horse-like or goat-like
animal with a long horn and cloven hoov

MogpobHee —
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Links

spaCy:

word2vec:

GloVe:
fastText:
doc2vec:
sent2vec:

spacy.io/
github.com/jhlau/doc2vec#pre-trained-word2vec-models
nlp.stanford.edu/projects/glove/
fasttext.cc/docs/en/english-vectors.html
github.com/jhlau/doc2vec#pre-trained-doc2vec-models
github.com/epfml/sent2vecttdownloading-pre-trained-models

22



S=CR

Contact us

Follow IRELA on:

Telegram:
Medium:
Facebook:

Gmail:
Telegram:
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